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A multimodal digital biomarker of functional deficits in early stage of Alzheimer's disease
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GOAL OF THE RADAR-AD STU DY Employed machine learning (ML) pipeline to assess
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Zneimer s DISease (oW . . _ . <€ RMT: Altoida, Fibit, Axivity, Mezurio speech tasks, Gait
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72 L , o o , , Figure 3. Discrimination ability (Area under the ROC) for different RMTs
l&-l discriminative ability to distinguish ProAD and MildAD from HC.
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Axivity AX3 — measures activity and sleep patterns (continuously) _E— : | _i_ _i_ i T 1
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Figure 1. Study design O * Future research should focus on further fine graining a|80rithm5 Figure 4. Discrimination ability (Area under the ROC) for multimodal combination of RMTs
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